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Abstract; In information retrieval, the method of personalized sequencing based on the traditional content
matching sorting algorithm combined with the interest of users in order to achieve some better search results that
were more in line with users’ needs. Due to the sparseness of user’ s data and the imbalance of interests, the
construction of user’ s interest preference model was usually not very accurate, and the retrieval effect was little
and poor. Based on those previous studies, a personalized ranking method, based on user category preference,
was proposed. Firstly, the word embedding technology was used to calculate the semantic similarity between the
query words and the document tag set. Secondly, considering the user’s preference for different interests, the
user interest model was constructed to calculate the user’s interest categories. The degree of preference, the query
documents were personalized to achieve the purpose of personalized sorting. Experiments on real data sets show
that compared with traditional methods, the proposed method effectively improve the user’s personalized retrieval
results.
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