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Motor Scheduling Optimization Based on Compound Genetic Algorithm

WANG Junshen, GAO Guibing, ZHANG Hongho
(Schoolof Mechanical and Electrical Engineering, Hunan University of Science and Technology, Xiangtan 411201, China)

Abstract; In order to solve the motor scheduling optimization problem, a hybrid genetic algorithm is proposed.
Firstly, the Palmer method is used to generate an initial solution,and other individuals are randomly generated to
form the initial population. Secondly, the strategy of sub population classification crossover and population overall
replacement is used for crossover and replacement. Finally, the metropolis rule is used to control the mutation
operation, and a new population is obtained. The whole iterative evolution process is controlled by the
temperature control criterion of simulated annealing algorithm to seek the optimal solution. Through the production
data and orders of L. company, the test results show that compared with the traditional genetic algorithm, the
compound genetic algorithm can optimize the production scheduling order and improve the production efficiency
to a certain extent. Compared with the newly improved genetic algorithm, the search speed is faster, and the
performance of the algorithm is better.
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