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Abstract; Mining operation has a strong disturbance on the mining area and its surroundings, to monitoring
which , a long time-series mining disturbance identification method is proposed in this paper. Based on long-time-
series Landsat TM/ETM+/0LI imagery from 1984 to 2015 for totally 20 periods and considering the IFZ index,
the VCT algorithm is applied to Boone county in West Virginia. By constructing the “IFZ-Time” time series
trajectory, this paper identifies the mining disturbance and reconstructs the disturbance history in forest mining
area, and produces the disturbance year map, which can support environment monitoring and ecological
restoration. The classification accuracy evaluation results show that the overall classification accuracy of the study
area reaches 82.9% , while the Kappa coefficient reaches 0.814, revealing that the VCT algorithm can effectively
extract mining disturbance information in forest mining areas.
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