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Based on sharing function with dead - zone initialization of
particle swarm optimization algorithm

LI Bai —ya',JIANG Bai - zhuang' ,DUAN Xiao — lei’, HUANG Qiang'
(1. School of Information and Electrical Engineering, Hunan University of Science and Technology, Xiangtan 411201 ,China;

2. Institute of Humanities, Hunan University of Science and Technology, Xiangtan 411201, China)

Abstract: An algorithm of particle swarm optimization (PSO) provided with a dead zone initialization was put
forward, according to the problem of PSO in the local optimum, research on particle swarm optimization. The aim
was to breakthrough the limitation of local convergence, according to the observation on the MATLAB visual particle
trajectories. It analysed the characteristics of particles trapped in local optimum, and run appear stagnation
phenomenon in the process of particle swarm, painting for the center of the current local optimal particle " dead —
zones" , and initializing " dead — zones" in the particle. The results of simulation show that the optimization
precision of PSO algorithm are improved, making use of the optimal standard of test functions of the algorithm
improved.

Key words:PSO algorithm; local optimum; dead zone initialization; MATLAB
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