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Collaborative Filtering Algorithm for Dynamic
Neighborhood Based on User Interest
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Abstract: The recommended system help users to find what they want in a large amount of information.
Collaborative filtering is one of the most widely used and oldest recommended technology. However, the algorithm
mainly considers the score between users, fails to fully consider the labels of the items, and the user nearest
neighbor number is unified, so the recommended result is not very good. A dynamic neighbor of collaborative
filtering algorithm, based on items labels,was proposed , and the similarity between users was calculated by rates
and labels with their respective weight, the similarity algorithm effectively reduced the sparsity of the similarity
matrix of user rates. At the same time, after calculating the similarity of the user, by setting the similarity
threshold, the nearest neighbor users of each user was dynamically found. At this time, only the similarity was
greater than the similarity threshold, which was the nearest neighbor. Compared with the user—based collaborative
filtering algorithm, it was verified that the algorithm got better recommendation results and layed the foundation
for further research work.
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