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Improvement of DSDV Routing Protocol Based on
Deep Learning in VANET Network

Zhao Yifeng, Fu Qi, Sun Pangbo, Wang Fei

(School of Computer Science and Engineering, Hunan University of Science and Technology, Xiangtan 411201, China)

Abstract; DSDV routing protocol of VANET network relies on the periodic spread of update information, as a
result, its network spending was growing tremendously. In order to deal with this problem, GD-DSDV, a kind of
DSDV routing protocol of VANET which was based on deep learning, was proposed. Its main idea was to evaluate
nodes as well as links between these nodes of a vehicle, and gradient descent in machine learning( ML) was used
to instruct evaluation indicators so as to obtain an optimized routing for data transmission, thereby reducing
network spending. The implementation of GD — DSDV was described , several aspects were compared and
analyzed, such as average packet delivery rate, routing cost and average delay. Through the above analysis, it
shows that GD —DSDV performs betterthan DSDV | which can effectively reduce routing spending and adapt
dynamic changes of present VANET network.
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