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Kriging Interpolation Algorithm Based on Cauchy Mutation
Dynamic Particle Swarm Optimization
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Abstract; In the Kriging interpolation algorithm, the curve fitting error of variogram was too large and the
interpolation accuracy was low. The parameters of the fitting model of the variogram were estimated optimally
based on the linear dynamic change factor and the Cauchy mutation particle swarm optimization algorithm. At the
same time, Kriging geographical weight was introduced into the fitness function to enhance the spatial correlation
of the variables. Finally, a comparative experiment was carried out with Kriging interpolation based on the
constrained particle swarm optimization algorithm. The simulation results show that the improved algorithm reduce
the base station error by nearly 75%. The fitting curve of the variogram value obtained is closer to the actual
situation and the interpolation accuracy is higher.
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