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Abstract: In the use of the blog system, it is difficult to use content—based recommendation algorithm subject to
rare user feature information, and the diversity of recommendation results will be affected when only the content—
based recommendation was used . A new method of blog recommendation based on fusion of improved content—
based recommendation and collaborative filtering was proposed. Firstly, the collaborative filtering algorithm was
used to discover the potential interest points of users, and the similarity calculation of collaborative filtering was
improved through spectral clustering. Secondly, the existing interest model of users was constructed by means of
content— based recommendation method. Finally, the comprehensive result of collaborative filtering and the
improved content—based recommendation was determined by logistic regression. Compared with contented—based
recommendation and collaborative filtering through experiment, the accuracy and recall rate of recommended
results re both improved significantly.
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SRR AR IR 1 5 S 2ot A 1 ) R, 7™ T, A T P TN L TR, 45 S HE R R G 12
I T 1% 22 G0 v A TP pRge i s (7 1 CRSERI N . H AT, SCHLRUR AL 52 S5 4 1 ML A5 4T
O 0 4 PR 1 2 DO DR R 2 O R ) B A R R R B R T PageRank S50 7 125 9 25 i i
Hung C Z&48 A TS AE TR A A SC A N T N AR IT ST , 30 3 (8 P (9 2842 9 55 0 B R S
R A RFAE H S R AE LA B A ARSI s A RS SRt T Py G Y Y MR, 30 3 B2 R P 1
S SRR AE RS ) PR R 5 P 2 1 DT PO K (EAE N R HERE I 2R EAFE AL,
ME LA 8 P VS AE 4687 Panigrahi S %54 tH 1 DM F) o DB S04 04T A 2504005 L @ sk L P 4T e
AP T BE AR I , R P IO T SR B R 1) ELAR R P S g 2551 R B ) o DB AL R
VO R Bl TRLRE, SR B0 TR B O T P AT R IC SR TRANRERE 38 7 7 2400 — 7 B 19 1 P e A REE it
17 BEAE LSS IBE AR 10 6 %, mT LA Bl R Twitter S 4 S SR s Ay 27 580 326 1 2R R o B 19 S oz g
TR RN SR T TR S UM I A SR R AL S 4 ARG R AR R A
SES M UERTE . B SR T R A R, A 1R P DI IS R LA P A (s B A AT
AR, AR B R A T ik T A T SO A AR D5 0k T ORI O )5 6 A BT P 1)
AR IR TR A M ik DR IR S IR R R R G P B M e R BN I R 2 — H R
s 0 ) ST A A 2R G0 I 0 1 o R L9 8 XA 7 B 1 B R e P R T i P A T
SRR D T R — | By AR W X
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U IS SRS A2 0 S 2 P SRIBRE s el b T AR URE TH A I R A B s i R 1 1 6 T 0% A [l U )
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1 R#AWARREE
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1.1 XAAFEEN

EAF RGP R N A 220 AL B A BRI T S LAL B, 3 — i R PR A N AR B Al X T 2
HCF N R IR RS, KNSRI

EX 1 EEFHERFILEMEED = 1d,,d,,-,d, |, FFEEB TR TR SOA A S B TR B ol
FARM FZAER TS T = 1,05, 0,0, o kAR THRMERIBOECH .

MTHENHEENED =1{d,,dy, -, d, | FIEZRRFFIEFEFIT = 11, 0,0, ), FENE 4, TEER
AN EHLRERS B4 A0 PR 1] 545 8] ( Vector Space Model ,VSM) , d; = {w; ,w;y, -,y |, HeH w,; R4
NG| t TECRY @ F B B A 2R S Fp AL ER R TF—-IDF (term frequency—inverse document frequency ) 2531
8D R,

w(d,t;) = [tf (d,t,)In(N/n + 1)1/ Y, [tf (d,t;)In(N/n + 1) ]. (1)

tied

s w(d, ) R ¢ AE3CHS d APROACE o (d, ) WRFAEST ¢ 2 SCR A5 N O I 25 SCAR 9 5
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RS 20 2485 5 IM, ( Interest—Model ) , X} F IM, & X H
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B HEAsts sl
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TE X PGB BRI i 40 M, <1 0,0, -+ ,01 5
Stepl 15 SCEYAR 2% SCRYIN ] 20 9 5- 5
foreach i e rows(DM,)) :
In( ‘hi = P )

u, <—
z ln( ‘h] - hnow ‘ 71)

dieD

endforeach ;
Step2  #ii 4 Stepl [y [A] 200 K+, X DM, HrRpfik i) ] & ALK {H 5
foreach t, eT:
foreach ierows (DM,) :
B +=u, #wli][)]
endforeach
endforeach
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foreach t e T;IMu<—,8].
End
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Stepl  BEECYFIRRL ] R s B FD, T3-S ks
Step2 if (k> ) S5 HE selse : 1T Step3;
Step3  FIBUTI P I B N A Y P SR 0 % RD, 2 RO R 075 1B 10 5%
(1) IC SRR B EI ] Ay, ELI R 5/ DRAEIC s A IR 2501
(2) h; = hy,, < X ZEPFD, PETA SERICT b/3 RICFAMN S LFD,;
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PN D, = dy dy, - d, ) (d, Sy SRR, BRI TS W, = [, w0y, w0, | .D, PEIHZ
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1 + e*ho(x)'
Krf: hy(X) AIFRIR A
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KA (6,,0,,+,6,) RHHFEECREL, Lt K A ARE T HRE BT R i M S8 Akt

TRA TR B AR .
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B3 W= tw, oy, w0, ) FIW, = s sy, oeus, | HERR(T) ISHU A A5 SR A IAGT 53 1)
%M{ = {a)l,a)z,"',(un} H

BRI M, = 0,0, 0,1 SITHF, EGHMBNEIED, = [d,,dy,,d,| T Top-N i
AN IR LR I 25

Wyh3 FURM M@tk

WA NHERARAL UCBM, PplA] i g A5 . UCFM, [m I3 245 (6,,6,,++.,6,) T W,(X);
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Stepl izt UCFM Ppfa]isd pRAEHY  SRIRHEEAF I N 2551 3% -/ / NS RT3

UCFM — (D, W,

Step2 D, fE N NAHERF A UCBM 1Y% A, 158137/ m & W,,,: UCBM(D,) — W,

Step3 W, Fl W, AEN W,(X) W ASEOT LA o, JR4URE FM;

Stepd  xF FM S iiE4-HER: it D, thxdRLAIEFE4y Top-N A AEAE it 45

End

4 LRt 5o

4.1 ZHRHIWER TN

1S B 7 T % S 52 50 HOHE 7 1 FF S 96 MovieLens ) ml — latest — small ( hps:.//
grouplens.org/ datasets/movielens/ ) F1 Book—Crossing. FL{& F| ml-latest—small, H. A5 T3k B 610 ~F %
9 742 FRHLFZAY 100 836 YRIF-J ;5 MM Book—Crossing S %) T Fe 122 45 48% 137 70 Bt , Hohdu & 278 858 A~
XF 271 379 A5 1 149 780 Y41, i T iz it 4R B Bk, IR B BRI 23 OB T 35 YR - A
R B JE A B R S AR AL T 23 225 YT 0 T 45 0 S I B0 4R BEAILA R 20% B REAS AR S DI
2T ) 80% A A INZRAE , RIS E R J5 =X

AR SCIEFENER 7 (Precision ) FIHT [8] 32 ( Recall ) 15 Ry S5 P F6 45

PP

A5 (Precision) = e T s B I (9)
e PR

E@K(R 1) Hﬁﬂlﬁfﬁﬂ@'ﬂ@(% . (10)

Ao A A A B S A PN 2 5 T P R DT TE Y v R B2, 4 [l 3 0 B0 Al P P
TR

RGP 2% i 22 (Mean Absolute Error, MAE ) /F Sy it 7 28 48 1) HER 5 (19 B 2R bR 2 — , A4S
ZRGETO A PO R HERE I B 2055 TP 2B i 5 i DL R BRZEAR DL , TR 22, UL WA R G xT
U TR B AR

MAE =3[ (3, =) | (1

Ay, FSERRRR P AR Ly, B 10, 1] 5y, WA RAEBUIR AR y, e [0,1].
42 ZWRITRERDHT

TR DML G T N A RHER A DR R DR R D X RS , AN SCHR B SR S T P R 8 5 A
FHERA MRS 5, T LA 3 PRRE ME R TR LA (WL 1).

WAL 1 BRI PT LR 2R R A A D B g, 3 RHERLL Y MAE {RARAL T8RN K-, B
E MR RSN, MAE (L ERE I I, OF HR& 20 T— DM RE LS, BARE T NER
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k1 3A SRR 3 st m 2 AR

MERRE TR PRI FURM fEfE 5k

10
15
20
25
30
35
40
45
50
55
60

0.578
0.583
0.585
0.589
0.591
0.601
0.612
0.615
0.622
0.623
0.621

0.581
0.584
0.588
0.592
0.594
0.598
0.607
0.609
0.611
0.610
0.609

0.573
0.574
0.576
0.579
0.581
0.583
0.584
0.585
0.587
0.586
0.585

B4 3 Hke MAE {5

PEPRHER S FRA LN 10~ 60 I HEA TR A IR AIUER A 09 S50, SCI 2 AN 2 R
E2 AL A B E R

. P — N L 7 FURM 7751 1%
ﬁ e Al e Al e A%
10 0.814 0.574 0.783 0.576 0.801 0.575
15 0.796 0.577 0.781 0.577 0.793 0.576
20 0.794 0.583 0.776 0.581 0.782 0.577
25 0.787 0.586 0.771 0.588 0.781 0.581
30 0.763 0.591 0.765 0.590 0.775 0.589
35 0.761 0.593 0.761 0.593 0.776 0.591
40 0.759 0.585 0.757 0.596 0.769 0.594
45 0.755 0.581 0.753 0.592 0.767 0.589
50 0.757 0.576 0.754 0.591 0.768 0.585
55 0.756 0.572 0.756 0.594 0.764 0.584
60 0.754 0.573 0.759 0.593 0.766 0.587

ML I HER RT3 Bl A B HEB R AR CR B 7R R KO, BER HERA RO 3% 2, S B 5 T
BT B TEHEF BOR B DRI O, H T N A RO HETE S5 B HER R B Al 2 FhE ke, B S B
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TEUERR A5 T R B LA

AT 2 AR, 3 FRE A A [RRERAL TR B FEBRT R, 56T N A RO 50k e AOR
TR AR I A [0l AN, R BURAR G R T N AR X P DOBR I BE i AN 5 AR ST
S5 PR 1 D SAE SR A7 [l R L AR BB GF , HEBEE A BOR MU A Ra HE 2. N TEL 6 Frois, 45 1 3 Fif
ARSI E RIS

B5 3#Ekeyeafatt

6 3AFH ka3 @ E s
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