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Abstract; In order to improve the accuracy and robustness of pedestrian retrieval for surveillance video, a two—
level retrieval algorithm based on HSV color histogram and ResNet50 was proposed. Firstly, HSV color histogram
was used to screen pedestrians, and then the pre—training model of ResNet50 was used to secondly retrieve the
target. On the self~made database, the pedestrian retrieval experiments were carried out on different models, and
carried the evaluation out with four metrics of accuracy, recall, F—measure and retrieval time, which proved that
the performance of the method was the best. Finally, a system of retrieving the surveillance video for specific
target was designed based on the algorithm, which provided a solution for efficient video retrieval.
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